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Abstract

More than a hundred proteins in yeast reversibly aggregate and phase-separate in response to various
stressors, such as nutrient depletion and heat shock. We know little about the protein sequence and struc-
tural features behind this ability, which has not been characterized on a proteome-wide level. To identify the
distinctive features of aggregation-prone protein regions, we applymachine learning algorithms to genome-
scale limited proteolysis-mass spectrometry (LiP-MS) data from yeast proteins. LiP-MS data reveals that 96
proteins show significant structural changes upon heat shock. We find that in these proteins the propensity
to phase separate cannot be solely driven by disordered regions, because their aggregation-prone regions
(APRs) are not significantly disordered. Instead, the phase separation of these proteins requires contribu-
tions from both disordered and structured regions. APRs are significantly enriched in aliphatic residues and
depleted in positively charged amino acids. Aggregator proteins with longer APRs show a greater propen-
sity to aggregate, a relationship that can be explained by equilibrium statistical thermodynamics. Altogether,
our observations suggest that proteome-wide reversible protein aggregation is mediated by sequence-
encoded properties. We propose that aggregating proteins resemble supra-molecular amphiphiles, where
APRs are the hydrophobic parts, and non-APRs are the hydrophilic parts.
� 2021 The Authors. Published by Elsevier Ltd. This is an open access article under the CC BY-NC-ND license (http://crea-

tivecommons.org/licenses/by-nc-nd/4.0/).
Proteins can aggregate reversibly or irreversibly.
Irreversible aggregation is often pathological,
indicates damaged cellular regulation,1–3 and is
involved in multiple diseases such as Alzheimer’s
and Parkinson’s diseases.4,5 Reversible aggrega-
tion, however, can be beneficial and help cells sur-
vive stressors. For example, in yeast more than a
hundred proteins in multiple subcellular compart-
ments form reversible aggregates in response to
rs. Published by Elsevier Ltd.This is an open ac
nutrient starvation, heat shock, or chemical stress.6

These aggregated proteins are not misfolded or
tagged for degradation.7 Instead, they help increase
cells re-initiate growth during recovery from stress
by protecting metabolic enzymes from degrada-
tion.6–9

Reversible protein aggregation is a special case
of a widespread phenomenon called protein
phase-separation. In this process, a well-mixed
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solution of proteins de-mixes into two phases of
high and low densities.10 Proteins can phase sepa-
rate with other proteins, but also with RNA or DNA
molecules, into biomolecular condensates that reg-
ulate transcription,11 chromatin states,12,13 and
RNA metabolism.14 Phase-separating proteins
often harbor intrinsically-disordered regions (do-
mains) that do not fold into well-defined tertiary
structures.15 These regions can form a network of
specific and non-specific protein interactions to pro-
mote phase separation.16

The role of disordered regions in stress-induced
phase separation has been controversial. On the
one hand, mammalian and yeast proteins that
phase separate under stress are highly disordered
and enriched in features that favor liquid–liquid
phase separation. These features include many
protein–protein interactions and low complexity
regions with multiple polar and charged amino
acids, as well as specific amino acids such as
tyrosine.17 These observations suggest that the
assembly of low-complexity and disordered regions
drive the stress-induced phase separation of these
proteins. On the other hand, disordered domains
are not essential for phase-separation in some
well-studied proteins, where they only modulate
the temperature at which phase separation begins.
Examples include the poly-adenylate binding pro-
tein (Pab1), and the ATP-binding RNA helicase
(Ded1) from yeast.18,19 To understand the impor-
tance of disordered regions for stress-induced
aggregation and phase separation comprehen-
sively requires a proteome-wide view. In this work,
we provide such a view. We also characterize
sequence features that can help predict whether
proteins will aggregate reversibly.
We took advantage of recent proteome-wide data

from limited proteolysis-mass spectrometry (LiP-
MS).20,21 This method permits the detection of both
pronounced and subtle changes that protein and
peptide structures experience in response to stres-
sors such as heat and osmotic shock. Recently,
Cappelletti et al. used the method to characterize
structural changes in the yeast proteome after heat
shock.22 They identified 96 proteins that show sig-
nificant structural changes compared to unper-
turbed cell lysates.22 These proteins were called
aggregators and have diverse biological functions,
such as telomeric DNA-binding, RNA-helicase
activity, or ribosome assembly. The three most
highly enriched gene ontology (GO) terms for
molecular function among these proteins are RNA
binding (p � 10�14; GO:0003723), heterocyclic
compound binding (p � 10�13; GO:1901363), and
translation regulator activity (p � 10�12;
GO:0008135). The proteins are also involved in
the biogenesis of ribonucleoprotein complexes
and of the ribosome (p � 10�13; GO:0022613,
GO:0042254). Because they are functionally
diverse, they constitute an excellent dataset to
2

examine sequence features that facilitate reversible
protein aggregation. The length of these proteins
varies from 163 to 4911 amino acids (average:
�828 amino acids).We studied regions within these
proteins whose proteolysis resistance changes sig-
nificantly upon aggregation22 (Table S2, S3, and
S5). We refer to these regions as aggregation-
prone regions (APRs, Figure 1(A)). The total length
of APRs in these proteins was �42 ± 51 amino
acids.
Our first analysis focuses on the question whether

APRs preferentially comprise intrinsically
disordered regions. To find out, we first calculated
the extent of disorder for all amino acids within
aggregator proteins, using the IUpred disorder
predictor23 (Dataset S1). This algorithm assigns a
disorder score between 0 and 1 to every amino acid,
based on the amino acid sequence surrounding this
amino acid. The score is assigned by a statistical
method that distinguishes globular domains from
intrinsically disordered regions. Amino acids with a
score exceeding 0.5 are predicted to be disordered.
Remarkably, such amino acids were not signifi-
cantly enriched in APRs (p � 1; Fisher’s exact test).
To the contrary, amino acids with disorder scores
less than 0.5 were enriched (p � 10�7; Fisher’s
exact test). We repeated this analysis with the
metapredict software, which also predicts intrinsi-
cally disordered regions in protein sequences.24

Its predictive algorithm uses neural networks that
were trained on consensus disorder scores from
several proteomes and, like the IUpred predictor,
assigns a score between 0 and 1 to the protein’s
residues. This score represents the preference of
different amino acids to occur in disordered regions.
Using this predictor, we also found that amino acids
with disorder scores greater than 0.5 were not
enriched in APRs (p � 1; Fisher’s exact test).
Finally, we restricted our analysis to 17 proteins in
yeast that aggregate the most in response to heat
shock (also known as superaggregator proteins).7

For these proteins too, we did not observe a signif-
icant enrichment of disordered residues in APRs
(p � 0.5; Fisher’s exact test). Altogether, these
results suggest that APRs are not preferentially
disordered.
Next, we studied the incidence of disorder in

APRs for each member of our protein data set
(Dataset S2). We found thatc15% of aggregator
proteins were significantly more enriched with
disordered amino acids than expected by chance
(Figure 1(B), p < 0.05; Fisher’s exact test, false
discovery rate (FDR)-corrected for multiple
testing).25 Conversely, disordered amino acids
were significantly depleted in �11% of aggregators
(p < 0.05; Fisher’s exact test, corrected for multiple
testing). The proteins whose APRs were signifi-
cantly disordered are preferentially involved in
RNA and nucleic acid binding (Figure 1(C); Dataset
S3, GO terms of GO:0003723, and GO:0003676).



Figure 1. Intrinsically-disordered and structured regions both contribute to reversible aggregation in yeast
aggregators. (A) Structure of data set and study design. We identified aggregation-prone regions within 96 aggregator
proteins in yeast using a dataset of limited proteolysis-mass spectrometry by Cappelletti et al.22 We performed
several sequence-based statistical and predictive analyses and investigated the enrichment of protein disorder,
specific sequence composition, and distinctive features of aggregation-prone regions in these proteins. (B) Volcano
plot showing the preferential enrichment of intrinsically-disordered regions in aggregation-prone regions of the
aggregator proteins. The y-axis represents the logarithm of the p-value calculated from Fisher’s exact test and the x-
axis shows the difference between the expected and observed fraction of intrinsically disordered amino acids.
Proteins with significant enrichment and depletion of disordered amino acids in their aggregation-prone regions are
shown in red, and blue, respectively. (C) The enrichment of Gene Ontology terms for molecular function in proteins
whose aggregation-prone regions are enriched for (red), and depleted in (blue) disordered residues. (D) The
sequence of Pab1 with its intrinsically disordered domains shown in green. Aggregation-prone regions are labeled P1
to P8. (E) The crystal structure of Pab1 (PDB ID = 6R5K).27 Aggregation-prone regions are shown in red and labeled
according to their definition in panel D. The region P8 in Pab1 falls in the low complexity domain, which is missing from
the PDB X-ray structure.
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For example, the protein with the highest disorder
enrichment is the nuclear poly-adenylated RNA-
binding protein 3 (NAB3; yeast gene identifier
YPL190C), which is required for packaging pre-
mRNAs into ribonucleoprotein structures for effi-
cient RNA processing.26

To better understand the location of APRs in the
sequence and in the protein structure we mapped
3

these regions onto the 3D structure of the well-
studied aggregator poly adenylate-binding protein
Pab1.18 Pab1 binds the poly(A) tail of mRNA, and
regulates mRNA stability and translation. This pro-
tein forms reversible gel-like condensates upon
heat shock.18,19 Figure 1(D) shows APRs within
the sequence of Pab1. Importantly, only one of eight
APRs falls within the intrinsically disordered domain
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(green) of this protein. We then mapped APRs on
the 3D structure of Pab1 (Figure 1(E); PDB
ID = 6R5K).27 From the figure, these regions form
long loops which occur either within an APR or con-
stitute an entire APR. The regions 151D-K156, 167G-
E176, 186L-R204, 242F-K252, 383N-L392 are examples
of such loop-forming peptides. In sum, our disorder
enrichment analysis of aggregator proteins, and the
specific case of Pab1 suggests that reversible
aggregation of yeast proteinsmay require a synergy
between both disordered and structured regions
What other characteristic sequence features do

APRs have? To answer this question, we first
asked whether APRs comprise sequence motifs
that may facilitate their interaction with each other
and cause the aggregation of aggregator proteins.
Specifically, we looked for linear sequence motifs
in APRs using DALEL,28 an algorithm for the
exhaustive identification of degenerate sequence
motifs, but found no such enriched motifs. We then
compared the frequencies of amino acids, dipep-
tides, and tripeptides in APRs with the rest of the
protein sequence in aggregators (Dataset S6).
Here, we found a significant depletion of the posi-
tively charged residues Arg and Lys, and their
dipeptides (p � 10�16; Wilcoxon signed-rank test).
We also observed that the sum of aliphatic residues
Leu, Ile, Ala, Val, were significantly more frequent in
APRs compared to the rest of the protein sequence
(p � 10�16; Wilcoxon signed-rank test). The fraction
of positively charged to aliphatic residues was the
strongest predictor of APRs compared to the frac-
tion of all other amino acids (Figure 2(A);
p � 10�21; Wilcoxon signed-rank test).
Figure 2. Sequence composition and physicochemical
aggregators. (A) The amino acid frequencies in APRs (show
in green) in 96 yeast aggregators. (B) The receiver-operatin
from non-APRs using random forest classification. ROC cu
their average is shown in black. (C) Ranked importance o
decrease in the Gini index for different physicochemical pro
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To find out whether these patterns are linked to
differences in physicochemical properties of amino
acids, we used a random forest approach, a
widely-used machine learning technique for the
classification of two or more data sets.29 Specifi-
cally, we used all 96 aggregators with experimen-
tally characterized APRs,22 and subdivided each
protein into two sequence data sets, one comprising
the APRs and one comprising the non-APRs. For
each of these datasets, we calculated a feature
matrix that consisted of 500 amino acid properties
(Dataset S7, and S8). We took these properties
from the AAindex database,30 which curates vari-
ous physicochemical and biochemical properties
of amino acids. The classifier achieved an accuracy
of�93% in 100 independent runs, with the data split
into a training set (80% of the data) and a testing set
(20%) (Figure 2(B); Dataset S9). Our approach
showed that two amino acid properties were most
important in this classification (Figure 2(C)). The
first is a low positive charge of amino acids in APRs
compared to non-APRs. The second is a high
amphiphilic propensity of these amino acids. The
amphiphilic propensity measures the preference of
amino acids to occur at protein-solvent interfaces,
such as the end regions of transmembrane
helices.31 Amino acids like arginine and lysine have
the highest preference for these environments, and
the largest value of the amphiphilic index. In con-
trast, hydrophobic amino acids such as leucine, iso-
leucine, valine, and alanine prefer internal protein
environments and have the lowest amphiphilic
propensity.31
properties of aggregation-prone regions in the yeast
n in red) versus the rest of the protein sequence (shown
g characteristic (ROC) curves for the clustering of APRs
rves in grey are from 100 random forest clustering and
f physicochemical variables quantified as the average
perties.
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Because of the statistically significant difference
between the amphiphilic nature of APRs and non-
APRs, we argue that aggregator proteins
resemble supramolecular amphiphiles. These
molecular structures have distinct hydrophobic
and hydrophilic parts.32 In response to external
stimuli such as temperature, pH, and ionic
strength,32 they can reversibly aggregate by non-
covalent bonding forces, e.g., through electrostatic
and hydrophobic interactions.
We next investigated the relevance of amphiphilic

aggregation to stress-induced phase separation of
our yeast aggregator proteins. An important
feature of amphiphilic molecules is that they are
more likely to occur in an aggregated phase if
their hydrophobic chain is long.33 We thus predicted
that aggregator proteins with longer APRs will occur
preferentially in the aggregated phase. To test this
prediction, we asked whether aggregator proteins
with long APRs preferentially occur in the pellet
fraction of proteins extracted from heat-stressed
yeast cells.34 Specifically, we used for this purpose
the log2 ratio of the protein’s abundance in the pellet
fraction of yeast cells to that of supernatant as a
measure of protein’s enrichment in the aggregated
phase.34 This enrichment data exists for 31 aggre-
Figure 3. Aggregator proteins reversibly aggregate in a ma
the protein’s abundance in the pellet fraction to that of s
aggregator proteins34 versus their APR length. (B) The agg
nutrient starvation (59 out of 96 proteins34 versus their APR le
in the aggregated phase calculated from Eq. (3) versus the le
proteins in the aggregated phase using Eq. (2) is shown i
between the expected (Eq. (2)) and observed (Eq. (3)) fractio
our two main findings. First, both disordered and structured
yeast. Second, proteins whose aggregation-prone regions ar
accumulate preferentially in the aggregated phase.

5

gated proteins in our dataset. Indeed, aggregator
proteins with longer APRs preferentially accumulate
in the aggregated pellet fraction (Figure 3(A),
R = 0.53, p = 0.0021; Spearman’s rank correlation).
To see whether this observation extends to other
stress-induced conditions, we also used a mass
spectrometry dataset of nutrient-starved yeast cells
reported by Narayanasamy et al.35 We identified 56
aggregator proteins in this dataset and determined
the association between APR lengths in these pro-
teins and the Z-score of protein enrichment in the
pellet fraction. In nutrient-starved cells too, the
aggregator proteins with longer APRs preferentially
accumulate in the aggregated pellet fraction (Fig-
ure 3(B), R = 0.47, p = 0.00014; Spearman’s rank
correlation). Importantly, we did not observe a sig-
nificant association between the length of APRs
and the protein length (R = 0.02, p = 0.82, Spear-
man’s rank correlation), or between protein length
and protein enrichment in the pellet fraction
(R = �0.20, p = 0.11, Spearman’s rank correlation).
This indicates that the reversible aggregation of our
study proteins is not significantly biased by
sequence length.
We then investigated the relationship between

APR length in aggregator proteins and their
nner akin to amphiphilic molecules. (A) The log2 ratio of
upernatant in heat-stressed yeast cells (30 out of 96
regator proteins’ enrichment in the pellet fraction upon
ngth in log-scale. (C) The fraction of aggregator proteins
ngth of APRs. The fitted curve to the observed fraction of
n red. The R value is the Spearman’s rank correlation
ns of proteins in the aggregated phase. (D) Schematic of
regions contribute to stress-induced phase separation in
e longer or have a lower positive charge-to-aliphatic bias,
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differential enrichment in the aggregated phase
using equilibrium statistical thermodynamics. We
assumed that the reversible aggregation of the
aggregator proteins proceeds with a mechanism
akin to the reversible aggregation of amphiphilic
molecules. We considered a two-state model
where proteins exist either as a soluble monomer
or an insoluble aggregate. The fraction Fcc of
proteins occurring in the aggregate at the critical
concentration (cc) for aggregation can be
expressed as

Fcc theoryð Þ ¼ ðPaggÞcc
ðPaggÞcc þ ðPmonÞcc

¼ 1

1þ e�bDGagg
ð1Þ

Here, Pagg and Pmon are the relative concentrations of

proteins in the aggregated and the monomer phase,
b ¼ 1=kBT , where kB is the Boltzmann constant, and
DGagg is the free energy change upon aggregation.

Because the aggregation free energy increases in
proportion to the length of the hydrophobic chain,36 we
rearranged Eq. (1) as

FccðtheoryÞ ¼ 1

1þ e�bBL
ð2Þ

where B is a proportionality constant between the
aggregation free energy and the APR length L. Eq. (2)
states that proteins with longer APRs will partition
preferentially to the aggregated phase, which is also
observed in the aggregated phase of amphiphilic
molecules with different hydrophobic chain lengths.37

We then calculated the observed fraction of aggregator
proteins in the aggregated phase from their reported
log2 enrichment ratio in the pellet fraction of heat-

stressed yeast (log2
½Pel

½Supernatant �) as

Fcc experimentð Þ ¼ ð1þ 2
�log2

½Pellet �
½Supernatant �Þ

�1

ð3Þ
Eq. (2) predicts the observed relationship

between APR length and a protein’s fraction in the
aggregated phase well (Figures 3(C), R = 0.53,
p = 0.0021; Spearman’s rank correlation, see
supplementary information for the fitted constants).
In summary, our work demonstrates that

structured and disordered regions likely contribute
to the reversible aggregation of yeast proteins
upon heat shock. Both disordered and structured
regions of proteins have been previously
implicated in irreversible protein aggregation. For
example, yeast proteins with more disordered
regions are more likely to aggregate irreversibly.38

Also, several intrinsically disordered proteins are
involved in misfolding diseases.39 In the case of
structured regions, it is shown that aggregation-
prone regions of proteins are generally enriched in
structured residues.40 For example, irreversible
aggregation of superoxide dismutase 1 in the pro-
gression of Amyotrophic Lateral Sclerosis (ALS)
can be caused by mutations in the dimeric interface
of this protein.41–43 However, the interplay between
both structured and disordered regions in phase
separation has thus far only been reported for few
6

proteins, including poly-adenylate binding protein
(Pab1)44 and ATP-binding RNA helicase (Ded1) in
yeast,45 as well as members of the RNA-binding
FET family of mammalian proteins.46 In the case
of the well-known aggregator proteins Pab1, struc-
tured aggregation-prone regions form long loops
or short secondary structure elements. Our obser-
vations suggest that these elements can readily
unfold in response to stressors, form hydrophobic
long chains, and phase-separate in a manner akin
to amphiphilic molecules. Although further struc-
tural studies will be necessary to generalize these
observations, we propose that the partial unfolding
of a protein’s tertiary structure is a critical stage in
stress-induced phase separation. Indeed, the sec-
ondary structure of Pab1 remains largely
unchanged and only its tertiary structure changes
when it forms heat-induces condensates.18,45 We
also observed that aggregator proteins with longer
APRs are more prone to aggregation. This relation-
ship suggests that aggregator proteins may leave
the aggregated phase by masking their APRs from
self-assembly or from interaction with other pro-
teins. Molecular chaperones can facilitate this step:
They have been co-purified with stress-induced
aggregated proteins and can solubilize them.47

We related the length of APRs in our aggregating
proteins to the fraction of a protein that exists in the
aggregated phase, using a simple two-state
equilibrium model. This model neglects the
presence of protein oligomers in reversible
aggregation. Oligomers can influence the
relationship between APR length and the
aggregated protein fraction, if oligomers aggregate
by a mechanism different from amphiphilic
aggregation (See Supplementary information for
details). Amyloid formation is such a mechanism,
and can proceed through the formation of soluble
oligomers, such as in the amyloidogenic proteins
amyloid- b , huntingtin, a -synuclein, and
Sup35.48–51 Detection of such oligomers during
the reversible aggregation of yeast proteins would
require further experiments, such as experiments
with fluorescence based methods that can detect
and characterize small protein aggregates.52,53

We found that the depletion of positively charged
residues, and their dipeptides in APRs are the most
important feature that distinguishes APRs from non-
APR segments in our proteins. This observation
further extends previous results that the most
significant factor that separates soluble and
insoluble proteins is a higher fraction of positively
charged amino acids in soluble proteins.54 We also
observed that the fractions of aspartic acid and glu-
tamic acid, the two amino acids with acidic side
chains, as well as of methionine are significantly
lower in APRs compared to non-APRs. Methionine
is a hydrophobic residue that is often buried in pro-
tein hydrophobic cores.55 We conjecture that the
lower frequency of methionine in APRs compared
to non-APRs is caused by the higher preference
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of aggregation-prone regions to be on a protein’s
surface. In addition, surface exposed methionine
residues are more likely oxidized than buried
methionines.56 Oxidation changes the hydrophobic
methionine side-chain to a polar side-chain by cre-
ating a sulfoxide group, and the resulting gain of
hydrophilicity may inhibit protein aggregation.56

Indeed, previous studies have shown that such
decreased hydrophobicity by methionine oxidation
can attenuate the aggregation of amyloid-b (Ab)
peptide.57–59 Aspartic acid and glutamic acid play
a role in chaperone-independent control of protein
aggregation, which might help explain their different
incidence in APRs and non-APRs.60 These acidic
residues are the most potent aggregation break-
ers,61,62 and their lower frequency in APRs might
promote reversible protein aggregation in a cell.
Testing these hypotheses is an important task for
future computational and experimental work.
We also compared the APRs of our proteins with

protein regions that are involved in irreversible
protein aggregation and amyloid formation. We
found two of our study protein in the CPAD 2.0
database, which contains information on
experimentally validated amyloidogenic proteins.63

These proteins are the [NU+] prion formation pro-
tein 1, and the translation termination factor
Sup35. For both proteins, APRs and regions
involved in irreversible aggregation did not overlap
(Figure S2). Interestingly, the aggregation-prone
regions involved in amyloid formation comprised
the disordered N-terminal domains in both proteins
(Figure S2). We further performed a random forest
classification of APRs for our proteins (positive set),
and of regions involved in irreversible aggregation
for yeast proteins available in the CPAD 2.0 data-
base (negative set). We used amino acid composi-
tions as the classification features. The method was
able to classify sequences well, with an accuracy of
�88% using 5-fold cross validation. The most
important features for this classification were the
fractions of asparagine and glutamine in a protein’s
amino acid sequence. Specifically, the aggregation-
prone regions that form irreversible aggregates
contain a higher fraction of asparagine and glu-
tamine (p < 10�16, Wilcoxon signed-rank test). This
observation is consistent with a high incidence of
glutamine/asparagine-rich domains in amyloid-
forming proteins.64–66 Overall, these analyses sug-
gest that different sequence elements drive reversi-
ble and irreversible protein aggregation
Altogether, our study demonstrates that stress-

induced phase separation is a sequence-encoded
phenotype. It suggests that proteins may act like
amphiphilic molecules when they reversibly self-
assemble into separate phases.
Methods

We identified aggregation-prone regions in the 96
aggregator proteins from the dataset of Cappelletti
7

et al.,22 and downloaded their sequences from the
Uniprot database67 (Dataset S13). We chose 500
amino acid properties from the AAindex database
to distinguish the physicochemical properties of
APRs from non-APR segments in the aggregator
protein.30 For mapping APRs onto the 3D structure
of proteins, we used the structure of Pab1 as deter-
mined by electron microscopy (protein database
(PDB) id: 6R5K).27

We used a binary classification to group regions
within an aggregator protein into aggregation-
prone regions (class A) and the remainder of the
protein (class B). More specifically, we used a
random forest classification, splitting aggregator
proteins into a random subset comprising 80% of
aggregator proteins for training and 20% for
testing. To build features for the classification, we
calculated the average value of 500
physicochemical properties for each sequence in
the APR and non-APR dataset. This yielded two
feature matrices for the APR and non-APR
sequences. To apply random forest classification,
we used the randomForest package in R,68 and
evaluated the best number of trees (nTree) and
the number of variables randomly sampled at each
split (mtry), in the random forest algorithm. To do
so, we systematically varied the nTree and mtry,
and calculated the accuracy of classification with
10-fold cross-validation and 3 repeats. We defined
accuracy as the percentage of correctly identified
classes of proteins (APRs and non-APRs) out of
all instances. The combination of nTree = 5000
trees and mtry = 10 variables achieved the highest
accuracy of�90%.We then used these parameters
to perform 100 random forest clusterings, in which
we randomly assigned proteins to the training and
the testing datasets. To quantify the accuracy of
classification we counted the number of true posi-
tive and false positive predictions and calculated
the area under the curve for them (AUC). These val-
ues are shown as a receiver operating characteris-
tic curve (ROC) in Figure 2(D). The most important
physicochemical properties were the ones whose
Gini index in the classification decreased the most
compared to all other properties. This index is a
widely-used measure of dispersion that reflects
inequality in the values of a frequency distribution.
Within the random forest framework, this index is
calculated as the average probability that each of
500 physicochemical properties wrongly classifies
APRs and non-APRs in the random forest
algorithm.
We also calculated different measures of

classification performance using 5-fold cross-
validation, with a data split of 75% for the training
set and 25% for the test set. We counted the
number of true positives (TP), true negatives (TN),
false positives (FP), and false negatives (FP) from
the confusion matrix. We then calculated
sensitivity (TP/(TP + FN)), specificity (TN/(TN
+ FN)), accuracy ((TP + TN)/(TP + TN + FP
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+ FN)), and the area under the receiver operating
characteristic curve (AUC). These quantities were
equal to 0.90, 0.93, 0.92, and 0.92, respectively.
We used the g:profiler server for Gene Ontology

enrichment analysis.69 We performed all models
and statistical analyses using R. Scripts are avail-
able at: https://github.com/dasmeh/yeast_
aggregators.
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